Text as Data: Text Mining Techniques using R FILNSTE C H

At the end of the course, participants will be able to:

e How to tidy unstructured text data into a
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e Execute and cross-validate the results from
text classification using supervised learning

e Perform topic modelling using Latent
Dirichlet Allocation in Natural Language
Processing

, ¢ Internalise integration of supervised and

unsupervised learning algorithms and
techniques within the workflow of analysis

of text data

Course objectives

From social media to product reviews, textual data is
replacing other forms of unstructured data due to how Course outline

inexpensive and current it is. To draw meaningful insights,

text mining deals with helping computers understand the This course provides guidance to wrangle text data

“meaning” of the text and some of the common text mining using the principles of Tidyverse and execute both

applications include sentiment analysis and text classification. supervised alEERE e CHITEl Earning

techniques, as learnt from previous modules, and

analyse text data and cross-validate analyses.

Course details Who should attend Pre-requisites Model of training
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